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Permutation Invariance

Baseline Coarse  Uniform  Drop® Fine  Uniform  Drop 8
Timeception 84.6 82.2 2.4 84.6 81.9 2.1
PIC-Ordered  80.2 77.6 2.6 80.2 76.3 3.9
PIC 87.5 87.0 0.5 87.5 86.7 0.8

Drop in Accuracy in Permuted Video Segments
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Cascaded Layers

Accuracy (%) @ Layer

Baseline ! , 3 4
ActionVlad 83.07 - ——-- S
Non-local 82.29 83.33 83.07 83.29
P1C-Global 86.76 85.68 85.68 85.42
Timeception 83.85 84.90 85.30 86.93
PIC 86.25 87.72 88.02 89.84

Increase in Accuracy with Cascaded Layers
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Related Works

Method Backbone Accuracy (%)
3D CNN 13D 80.64
3D CNN + Vlad [46] 13D 82.67
3D CNN + Nonlocal [6] 13D 83.79
3D CNN + Timeception [”] 13D 86.93

3D CNN + PIC I3D 89.84




